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ABSTRACT
Objective – This study examines consumer attitudes and reactions towards personalised pricing strategies in a negative
and positive hypothetical purchase context.
Methodology/Technique – The data was collected from 250 respondents from India through a set of two structured
questionnaires, each one comprising either a positive or negative purchase scenario. Partial Least Square based
Structural Equation Modelling (PLS SEM) was used to analyse the data.
Findings – The results of the study imply that the consumers are concerned about the usage of their personal data for
price customisation which reduces their repurchase intentions and increases the reprisal intention. The results also
depict that a loyal customer base reacts positively to some extent to the personalised pricing strategy.
Novelty –This study considers the impact of personalised pricing on the fair price perceptions, privacy concerns and
customer loyalty in both positive and negative purchase contexts which is a novel in this research area.
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_______________________________________________________________________________________
1. Introduction
With the big data technologies becoming so popular in recent years, the firms have more opportunities to
gather information on consumer choices and preferences which help estimate their willingness to pay. This
include both public and private information based on observed individual characteristics such as location,
age, gender, employment and observed online behavioral patterns of consumers including search history,
responsiveness to price offers etc. This has enabled firms to engage in more refined forms of price
discrimination such as personalized pricing where the sellers grab a major share of the consumer surplus
(Gehrig et. al., 2012).
_____________________________
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The practice of customizing prices for individual customers or a group of customers who possess similar
characteristics based on the information available about them is the most advanced form of pricing strategy
identified in the E-Commerce segment. This axiomatically can be attributed to the practice of first degree
price discrimination or the so called “perfect price discrimination” which enables the sellers to capture the
entire consumer surplus (Armstrong, 2006). Yet, first degree price discrimination requires more precise
information about the prospective customer and with the pace of current technological progress, it is not
entirely unimaginable. However, despite the possibilities to estimate the willingness to pay of a consumer in
real time, it is highly debatable whether the short term increase in revenue of a firm offsets the risk of losing
a loyal customer base in the long run.
To be realistic, firms charge only a proportional share (not essentially the total value) of the consumer’s
willingness to pay. Since perfect information about consumers is rather difficult to gather, in personalized
pricing, firms would be discriminating groups which show similar characteristics instead of individuals,
which is an example for third degree price discrimination. In online markets where offers are highly tailored
to individual needs, firms do customize both prices and products to consumers which may be considered as
second degree price discrimination or versioning (Townley et. al., 2017). An OECD report published in 2018
defines personalized pricing as “any practice of price discriminating final consumers based on their personal
characteristics and conduct, resulting in prices being set as an increasing function of consumers’ willingness
to pay” (OECD, 2018, p.9). Unlike the brick and mortar markets, the information gathered in the digital
market about the consumers can help firms to estimate consumer’s willingness to pay more accurately.
Many researchers identify customer relationship management as one of the key factors which determine
the success of online retailers (Jap & Ganesan, 2000; Palmatier et. al., 2006). The e-tailers have the ability to
monitor consumer purchase patterns continuously and use the information acquired to serve the customers in
a better way thereby improving their purchase satisfaction (Yoon et. al., 2008). However, in a world where
data has become the new oil, individuals are increasingly cautious about sharing their personal data to third
parties. Employing a hardly transparent pricing technique such as personalized pricing in this context should
be given much thought and research. Notwithstanding the fact that personalized pricing is not widely
practiced at present (OECD, 2018), it can be expected to be widespread in the near future. Given the benefits
of the pricing strategy to the revenue management of firms, it is pivotal to determine how consumers react to
this novel pricing strategy at an early stage of implementation which will help the firms to make adequate
changes to their pricing strategies. This paper studies the attitudes and reactions of consumers towards the
personalized pricing strategy in both negative and positive purchase contexts. The paper is structured as
follows: Chapter 2 consists of a literature review followed by a discussion of the materials and methods
employed and conclusions.
2. Literature Review
The practice of customizing prices for each individual customer based on the available information about
the consumers is the most advanced form of pricing strategy identified in the E-Commerce. Very few studies
are available in the field of personalized pricing as it is a relatively novel research area. This pricing strategy
termed as personalized pricing is defined by the Office of Fair Trade, UK as “(…) the practice where
businesses may use information that is observed, volunteered, inferred, or collected about individuals’
conduct or characteristics, to set different prices to different consumers (whether on an individual or group
basis), based on what the business thinks they are willing to pay.” (OFT, 2013, pp.2).
The information asymmetry existing in the retail and online markets is one of the key factors which makes
these price discrimination strategies practical. Goerge Akerlof coined the term ‘Information Asymmetry’ to
describe a situation in which one party engaged in a transaction knows more information than the other
(Akerlof, 1978). In a usual purchase scenario, the seller knows much more information about a product than
the buyer.

141
J. Mgt. Mkt. Review 4 (2) 140 – 148 (2019)

Vijay Victor, Maria Fekete-Farkas, Zoltan Lakner

2.1 Personalized Pricing with Information on Consumer Preferences
The accuracy of data on consumer preferences and choices is the most critical factor which enables
personalized price discrimination in digital markets. The data collected can be broadly categorized into three
categories, shown in Table. 1
Table. 1 Categories of Personal Data Collected Online
Volunteered Data

Observed Data

Name
IP Address
Phone Number
Operating System
Email Address
Past Purchases
Date of Birth
Website Visits
Address For Delivery
Speed of click through
Responses to Survey
User’s Location
Professional Occupation
Search History
Level of Education
“Likes” in Social Networks
Sources: OECD (2018), OFT (2013), EOP (2015)

Inferred Data
Income
Health Status
Risk Profile
Responsiveness to Ads
Consumer Loyalty
Political Ideology
Behavioural Bias
Hobbies

One of the important questions to be addressed while employing personalized pricing is that how do
consumer reactions change when suppliers have accurate and detailed information on consumer preferences.
A relevant model in this regard is that of Esteves (2014). That model assumes that all suppliers in the market
have sources to obtain private information on consumer preferences. However, the accuracy of the
information collected may vary. At one end, they have completely useless information and on the other end
the firm has accurate and perfectly usable information. The model results show that the more accurate the
information collected is, the higher the opportunities to earn profits at the expense of consumers. However,
competition between the firms becomes intense in this situation. Due to this extreme competition, aggregate
consumer surplus increases and the situation becomes favorable to the consumers.
The personalization of prices may have an impact on consumers’ fair price perceptions and purchase
satisfaction which influences their repurchase intentions. The privacy concerns also pose a major problem in
this regard. The significance of these factors in the E-Tail segment is explained below.
2.2 Fair Price Perception
Xia et al (2004) defines fair price perception as the assessment of a product’s price by a consumer to
determine whether it is reasonably justifiable. Assuming the buyer has perfect information regarding the
prices and the utility gained from comparable products, he/she can decide a mix of products which can
maximize his/her purchase satisfaction with given budget constraints (Monroe & Xia, 2015). The more price
conscious a buyer becomes, the more it shapes buyer perception about prices and the role price plays in buyer
choice. Fair price perception of a consumer is formed through several reference points such as competitor
prices, past prices, cost of manufacturing etc. (Monroe, 1973). Empirical studies have shown that if a
consumer is not satisfied with the prices offered by a seller, they may show a negative behavior such as a
tendency to avoid the seller in future purchases, taking revenge in the form of spreading negative news about
the seller etc. (Xia et. al., 2004). By offering a price which a consumer perceives as fair will have a positive
effect on his purchase satisfaction and repurchase intentions (Campbell, 2007; Roudposhti et. al., 2018).
2.3 Purchase Satisfaction
Purchase satisfaction is a key factor which determines the repurchase intentions of a consumer. Cronin et.
al. (2000) outlines purchase satisfaction as the degree to which the customer thinks that the shopping
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experience induces positive feelings and signifies consumers’ appraisal of the overall purchase experience as
well as the purchase. Many studies have shown that systematic differences exist between online and offline
shopping environments toward purchase satisfaction (Cao & Li, 2015; Ansari et. al., 2008, Nisar &
Prabhakar, 2017). The internet customers have the option to control the purchase process and timing and
expect a 24/7/365 service from the vendor. In simple words, the consumers have the option to shop and order
products at their convenience and get them delivered at home at the click of a button. Even the buying
process of an E-customer is much simpler than that of the traditional customer (Olah, 2018).
Previous researchers suggest that satisfaction with a purchase improves the confidence of buyers in a seller
(Cronin et. al., 2000; Siau & Shen, 2003). There are plenty of studies asserting the relationship between
customer loyalty and purchase satisfaction (Hocutt, 1998; Hill, 2017). These studies show that consumers are
satisfied when the sellers are able to cater to their level of expectations which in turn makes them loyal to the
sellers. At the same time, when consumers are not satisfied, their loyalty towards the seller falls (Fedorko,
2018). Making the customers happy and satisfied will help in building a loyal customer base (Yang &
Peterson, 2004).
2.4 Privacy Paradox
With rapid advancements in technology, the business models in the E-Commerce segment have undergone
many changes. Even digital footprints left by consumers in the web space are being used by firms to boost
their revenue (Ashworth & Free, 2006). Modern pricing strategies such as dynamic pricing and personalized
pricing which actively involve the use of consumer data for product and price customization are good
examples for these data driven business strategies. In the current scenario, data disclosure is inevitable at
least to some extent in the online shopping context (Maury & Kleiner, 2002). Although consumers are
willing to share their personal information for perceived benefits, the non-transparent and sophisticated
methods used in collecting their personal information have made them dubious about the usage of it by the
sellers and its potential advantages and disadvantages (Palmer, 2005, Dienlin & Trepte, 2015). Researchers
have attempted to term this confusing state as ‘Privacy Paradox’ (Brown, 2004; Norberg et. al., 2007) which
in simple words refers to the dichotomy between the intentions of people towards the disclosure of personal
data and their actual behavior (Kokolakis, 2017). This term stems from the idea that despite being highly
concerned about privacy, individuals are willing to trade their personal information for perceived benefits.
3. Materials and Methods
The study was conducted among the internet savvy millennials in India. Two set of questionnaires which
exposed the respondents to either a positive or negative hypothetical purchase scenarios were administered to
capture the response of consumers in a personalized pricing context. The scenario used in the research was
adapted from Dai (2010) and modified to fit the needs of the present study. The reaction of the respondents
was elicited using 5 point Likert scale based questions. A total of 250 responses were finalized for the PLS
SEM analysis; 125 responses per questionnaire. The respondents were randomly assigned to either of the
questionnaires. In the purchase scenarios developed, the magnitude of the price difference is set as a major
factor forming the fair price perceptions of the consumers. The purchase scenarios also comprised
information which makes the respondents aware of the application of personalized pricing in real time and
the potential privacy concerns. The scale to test customer loyalty was given in the first part of the
questionnaire prior to exposing the respondents to the purchase scenario. This was done with the intention to
obtain the real attitudes of the consumers towards the seller and to obtain unbiased results as an independent
variable. The research model framed was finally tested individually with both sets of data collected using the
two different questionnaires.
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3.1 Assessment of the Measurement Model
The measurement model was assessed by testing for construct validity, convergent validity and
discriminant validity. Composite Reliability, Average Variance Extracted (AVE) and Factor Loadings were
used for the assessment as recommended by Hair et. al. (2016). The results for both positive purchase
scenario and negative purchase scenario are shown in Table 2.
Table. 2 Results of the Measurement Model
Cronbach’s
Alpha

Customer
Loyalty
Fair Price
Perception
Privacy
Concerns
Purchase
Satisfaction
Reprisal
Intentions
Repurchase
Intentions

Rho_A

Composite
Reliability

Average
Variance
Extracted

Factor
Loadings

Pos

Neg

Pos

Neg

Pos

Neg

Pos

Neg

Pos

Neg

0.919

0.932

0.927

0.936

0.935

0.945

0.673

0.710

0.77-0.89

0.85-0.92

0.906

0.886

0.919

0.888

0.93

0.930

0.727

0.815

0.79-0.86

0.79-0.88

0.801

0.768

0.808

0.815

0.862

0.838

0.557

0.514

0.62-0.85

0.59-0.84

0.937

0.929

0.94

0.932

0.95

0.945

0.732

0.740

0.68-0.92

0.59-0.84

0.819

0.805

0.835

0.855

0.866

0.864

0.566

0.563

0.68-0.83

0.83-0.91

0.87

0.865

0.87

0.876

0.92

0.909

0.793

0.716

0.88-0.89

0.70-0.85

Notes – Pos: Positive Purchase Scenario, Neg: Negative Purchase Scenario

The results in Table 2 show that both models satisfy the convergent and construct validity criteria. The
composite reliability values are above 0.80 for both models and the AVEs are above 0.50 which explains that
the constructs are able to expose more than 50% of the variance in the indicators. Items having factor
loadings in the range of 0.40 – 0.70 can be retained in the model if it positively affects the composite
reliability (Hair et. al., 2016). Some items with factor loadings above 0.50 were retained after examining their
effect on the composite reliability. Discriminant validity was tested using the Fornell-Larcker technique. The
measurement model satisfies the discriminant validity criterion if the square root values of each construct
more than that of the correlation between the items and other items (Fornell & Larcker, 1981). Both models
satisfy the discriminant validity criterion.
3.2 Assessment of the Structural Model
Figure 1 depicts the framework used for the study. The research framework was tested using the data from
both purchase scenarios. Items PS5, PS7 and RI4 were removed due to low factor loadings. Item PC5 probes
answers to the questions regarding the availability of an opt-out choice in sharing customers’ personal data
for price customization. The majority of the respondents in both purchase scenarios agreed in favour of an
opt-out choice and the factor loading for that item is 0.81.
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Figure 1. Structural Model

The R-square values for purchase satisfaction in positive and negative purchase scenarios were 0.78 and
0.71 respectively. For repurchase intentions the R-square values were 0.38 and 0.44, for reprisal intentions
they were 0.28 and 0.26.
Table. 3 Path Analysis

CL -> PS

Positive Purchase Scenario
Original
T Statistics
Sample (O)
(|O/STDEV|)
0.205
4.109

p
Values
0.000

Negative Purchase Scenario
Original
T Statistics
Sample (O)
(|O/STDEV|)
0.261
4.142

p
Values
0.000

CL -> RI

0.007

0.034

0.973

-0.172

1.432

0.152

CL -> RPI

0.443

4.504

0.000

0.27

2.494

0.013

FPP -> PS

0.748

18.038

0.000

0.163

2.826

0.000

FPP -> RI

0.278

1.101

0.272

0.691

15.315

0.665

FPP -> RPI

-0.102

0.578

0.564

-0.084

0.444

0.657

PC -> PS

-0.027

0.453

0.651

-0.103

1.901

0.057

PC -> RI

0.292

1.832

0.048

0.231

2.369

0.018

PC -> RPI

-0.186

2.173

0.003

0.007

0.103

0.918

PS -> RI

-0.407

1.623

0.105

-0.262

1.446

0.148

PS -> RPI

0.307

1.692

0.091

0.594

4.141

0.000
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In both the positive and negative purchase scenarios, the fair price perception of consumers has a very
significant and positive influence on their purchase satisfaction. This finding concurs with the results of a
previous study by Dai (2010) which analysed consumers’ reaction towards dynamic pricing. In the Negative
Purchase Scenario, the purchase satisfaction of consumers has a positive impact on their repurchase
intentions which hints that by making customers satisfied with their purchases, sellers can retain them.
However, it is not the same in the Positive Purchase Scenario where the effect is not significant and it is
customer loyalty which has a positive influence on the repurchase intentions.
The reason for this result might be that the consumers in a positive purchase scenario are leveraging the
benefits of personalised pricing and the extent of personal gain is the factor which drives repurchase
intentions rather than the total purchase satisfaction. The construct of privacy concerns is positively
associated with the reprisal intentions in both scenarios which implies that the increased risks associated with
sharing personal data and privacy concerns can induce the consumers to move toward reprisal intentions
which include spreading negative news about the seller by word of mouth or on social media etc. In the
Positive Purchase Scenario, privacy concerns is negatively related to the repurchase intentions displaying
consumers’ fear of risking their personal information for personalised price and product customisations
despite the benefits.
Table 4. Mediation Effects
Negative Purchase Scenario
Indirect Effects
Customer Loyalty -> Purchase Satisfaction -> Repurchase Intentions
Fair Price Perceptions -> Purchase Satisfaction -> Repurchase Intentions
Note – Showing only significant indirect effects.

Original
Sample
0.155
0.41

P Values
0.002
0.00

In the Negative Purchase Scenario, purchase satisfaction plays a positive mediating role in the relationship
between customer loyalty and repurchase intentions. The fair price perception of consumers has an indirect
effect on the repurchase intentions which is mediated by purchase satisfaction. There were no significant
mediation effects in the positive purchase scenario.
4. Conclusions
The study concludes with a note that modern consumers are sensitive towards the personalized pricing
strategy which involves tailoring of prices to each individual or group of individuals. Regardless of the
positive or negative purchase scenarios to which the consumers were exposed, the study shows an increasing
resentment in the use of their personal data for customizing individual prices and product recommendations
which also lead to many reprisal activities including the display of their dissatisfaction against the seller on
social media and by word of mouth. Customer loyalty is an important factor which plays a major role in
determining the repurchase intentions and purchase satisfaction.
From the study it can be seen that a loyal customer base reacts positively to personalized pricing strategies
to some extent as they believe that the pricing strategy has benefits for them as well. Another significant
result is that the majority of the respondents opined that they would be happy if there was an opt-out choice
with regard to sharing their personal data for personlizing prices and product offers. This implies that having
an impression that personalized pricing is a choice induces a sense of inclusiveness in the pricing process
among consumers which further increases their trust in the seller.
The purchase satisfaction of consumers play a mediating role in the consumers’ repurchase, reprisal and
strategic behavioural intentions. Purchase satisfaction is mainly associated with the fair price perceptions of
consumers. Hence, offering a price which consumers perceive as fair will improve their pruchase satisfaction
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and will have a subsequent positive effect on their post purchase intentions. The results of this study are best
applicable to consumers in the Indian E- Tail segment but also to other groups of consumers with similar
traits. Future studies in this direction should consider including more constructs which influence consumer
behavior in a personalized pricing context with a larger sample size from across the world.
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